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EVALUATIONS OF EXPECTED GENERALIZED ORDER
STATISTICS IN VARIOUS SCALE UNITS

Abstract. We present sharp upper bounds for the deviations of expected
generalized order statistics from the population mean in various scale units
generated by central absolute moments. No restrictions are imposed on the
parameters of the generalized order statistics model. The results are derived
by combining the unimodality property of the uniform generalized order
statistics with the Moriguti and Holder inequalities. They generalize evalu-
ations for specific models of ordered observations.

1. Introduction. The derivation of bounds for moments of order statis-
tics from an iid sample has received a great attention in the literature. Clas-
sical results are the Gumbel (1954) and Hartley and David (1954) bounds
for the expected sample maximum and the Moriguti (1953) bounds for ar-
bitrary expected order statistics. Some refinements and improvements were
proposed, e.g., by Balakrishnan (1990, 1993) and Balakrishnan and Bendre
(1993). The Moriguti (1953) method, based on the greatest convex mino-
rant, was utilized by Raqab (1997) for kth record values and by Balakrishnan
et al. (2001) for progressively type II censored order statistics. Since these
results are also based on the Cauchy—Schwarz inequality, the bounds are
given in terms of the mean and standard deviation. However, instead of the
Cauchy—Schwarz inequality it is near at hand to use its direct generalization,
the Holder inequality with 1 < p < co. This leads to bounds where the mea-
surement units are powers of absolute central moments of the underlying
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distribution:
oy = (EIX — pl?)'/7.

In the context of order statistics, Arnold (1985) applied this method to the
sample maximum. A generalization to L-statistics was proposed by Rychlik
(1998). Arnold (1985) and Rychlik (1993) presented analogous evaluations
for the maximum and arbitrary L-statistics of dependent identically dis-
tributed samples, respectively. Recently Ragab and Rychlik (2002) consid-
ered p-norm bounds for record statistics.

We consider generalized order statistics as a unified approach to models
of ordered random variables (cf. Kamps (1995)). In this paper we show that
the preceding results can be seen as particular results for generalized order
statistics. No restrictions are imposed on the parameters of the generalized
order statistics model. The bounds follow from the fundamental observa-
tion that densities of uniform generalized order statistics are unimodal (cf.
Cramer et al. (2002)), which is thoroughly discussed in Section 2. Section 3
contains the main results of the paper.

2. Preliminaries. Generalized order statistics based on some distribu-
tion function G and parameters v1,...,7, > 0 were introduced by Kamps
(1995) via the quantile transformation

X, =G NU,), 1<r<n,

where Uy, ..., U, are generalized order statistics based on the (standard)
uniform distribution and the parameters 1, ...,7,. The joint density func-
tion of Uy, ..., U, is given by

n—1 n—1
F ) = (T ) (T = )57 ) (= )
j=1 j=1

on the cone {(ug,...up) : 0 <wu; <...<wu, <1} C R" with parameters
neN, y,...,7 > 0.

It was shown in Cramer and Kamps (2002) that the marginal density
of the rth uniform generalized order statistic can be written in terms of
a particular Meijer G-function, i.e.,

T
=0 =(I)eefi—, 7] reon
The marginal cumulative distribution function of the rth uniform gener-
alized order statistic is denoted by F).. Hence, the cumulative distribution
function of X, = G~1(U,) based on some distribution function G is given by
G, = F,.oG. Since only the marginal distribution is considered in the follow-
ing calculations, and this does not depend on the ordering of the parameters
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Y1,---,Yr, We assume without loss of generality that the parameters are de-
creasingly ordered, i.e., vy > ... > 7y, > 0.

Let X be a random variable with distribution function G. Subsequently,
we tacitly assume that the expectation y = E'X and the pth absolute central
moment

1
O-II)):E’X_MV):S’Gil(U)_”|pdu7 1§p<00>
0
exist and are finite whenever they are used. Moreover, if the support of X is
bounded, we denote the essential supremum of its deviation from the mean
by
0o = esssup | X — p| = sup{|G~(u) — p| : u € (0,1)}.
In the following, the behavior of f,. at the endpoints of the interval (0, 1) is
important. For r = 1, the density function f;(t) = v1(1 —t)"~1, t € (0,1),
has the limits

+oo ify <1,
lim fl(t) =7 > 0, lim fl(t) = { 1 if Y1 = ].,
o o 0 ify >1.
If r > 2, we have
tl—lgl-i— fr(t) =0,
400 ify. <lorvy, =v_-1=1,
lim f.(t) = {fr(l) €(0,00) ify=1<7v_1,
t—1— .
0 if v > 1.

The value of f,.(1) in the the case 7, = 1 < v,._1 can be calculated explicitly
(see Cramer and Kamps (2002)).

Subsequently, we denote the limits of f,. at the endpoints of (0, 1) by f,.(0)
and f-(1), respectively. The following theorem is fundamental in deriving
bounds on expected generalized order statistics (cf. Cramer et al. (2002)).

PROPOSITION 2.1 The density function of each uniform generalized or-
der statistic is unimodal.

Forr =1, the density function is strictly increasing, constant and strictly
decreasing for v1 < 1, =1, and > 1, respectively.

For r > 2 the following result holds: If . < 1, then the density function
is strictly increasing. Otherwise it is strictly unimodal with a mode in (0,1).

Four cases are distinguished in the following considerations:
(A) fr=1lie,r=1, 11=1;
(B)  f, is strictly decreasing, i.e., 7 =1, v1 > 1;
(C)  f, is strictly increasing with
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(i) fr(1) < oo, ie, r>2 o1 > =1;
(ii) fr(1) =00, ie,r>1, v <lorr>2 v_1=7 =1;

(D)  f is strictly unimodal with a mode z,. € (0,1) and f,.(0) = f-(1) =0,
ie,r>2 v >1.

3. Bounds via a combination of the Moriguti and Hoélder in-
equalities. We aim now at deriving the projections P f, of the density func-
tions f,. onto the family of nondecreasing functions in the space L2([0, 1), du)
of square integrable functions on the standard unit interval. Considering the
preceding set-ups (A)—(D) and Proposition 2.1, we come up with the follow-
ing conclusions.

ProprosITION 3.1 (i) Pf,. =1 in cases (A) and (B);

(ii) Pfr = fr in case (C);

(iii) Pf-(-) = fr(min(-,b)) in case (D), where 0 < b < z, is the unique
solution of the equation

(1) (I—2)fr(z) =1-F(z), =z€(0,1).

Proof. The projection Pf,. of f. onto the convex cone of nondecreasing
functions in L2([0, 1), du) is derived by means of Moriguti’s greatest convex
minorant method. This is the derivative of the greatest convex minorant
of the antiderivative F, of the density function f.. A formal justification
can be found in Rychlik (2001, pp. 14-16). In cases (A) and (C), f, is
actually nondecreasing, and coincides with the projection Pf,. In case (B),
F.(t) =1—(1—1t)" is concave increasing from F,(0) = 0 to F.(1) = 1.
Therefore its greatest convex minorant is the linear function F,(t) = t,
t € [0,1], with the derivative F/ = Pf, = 1.

The only nontrivial case is (D), where Fj. is strictly convex increasing
on (0,z,) and strictly concave increasing on (z,,1). The greatest convex
minorant ﬁr of F, is

F.(t) for t € [0, 4],

(2) F(t) =< 1-F,(b)
1-b

for some 0 < b < z,. The case b = 0 is excluded, because f,(0) = 0, and

F, lies below the line joining (0,0) and (1,1) in a neighborhood of 0, i.e.,
F,.(t) <t fort € (0,¢). Looking for b, we consider the linear functions

l.(t) = fr(x)(t — o)+ Fr(z), teR,

(t—1)+1 forte[b1],

tangent to F,. at = € (0, z,] and evaluate them for ¢ = 1. Since I,(1) is a
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continuous function in x, the values /(1) strictly increase from ly(1) = 0 to

er(l) = fr(zr)(l - zr) + Fr(zr)

Zr 1 1

=V frwdut | f(z) du> | fo(u) du = Fo(1) = 1.

0 Zr 0

Consequently, there exists a unique b € (0, 2,.) such that

(cf. (1)). Combining this property with (2) we obtain the derivative

o P = F = {0 e b

which has the desired representation. m

In consequence, we obtain the Moriguti inequality (cf. Rychlik (2001,

p. 34))

(4) EX, =G (u) fr(v) du < { G~ (u)Pf,(u) du
0 0

Equality holds in (4) if G™! is constant on each interval where the distri-
bution function F). is greater than its greatest convex minorant. In cases
(A) and (C), there is no restriction since f, = Pf, so that (4) holds with
equality. In case (B), G™! is constant on (0, 1), which means that G is con-
centrated at the single point . In the remaining case (D), G~! is constant
on the interval (b,1), implying that G has a jump of probability at least
1 — b at the right endpoint of its support.

Applying the equalities Sé Pf.(u)du =1 and Sé (G (u) — p]du = 0 we
find for arbitrary ¢ € R the inequality

(5) EX, - u < |G (w) - u]Pf, (u) du

=[G (u) = [P fr(u) — c] du.

Choosing ¢ = 1 in cases (A) and (B), we can evaluate the right hand side of
(4) directly:

EX, — p < | [G7 (u) = pl[Pfr(u) — 1] du = 0.
0
(A

We have equality in case (A), and the simple relation FX, = p holds for
every distribution function G. In case (B), the bound FX, < p is attained for
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the one-point distribution with mass at . These trivial cases are excluded
from the further study.

In the remaining cases (C) and (D), the Holder inequality is applied to
evaluate the upper bound (5). Note that P f, has the common form (3) with
b = 1 under assumption (C). Moreover, Pf, = f,, and it suffices to evaluate
the middle term in (4). The cases p = 1, 1 < p < oo, and p = oo are
considered separately in the subsequent sections.

3.1. Case p = 1. The relations (5) yield

1
6)  EX,—p< |G (u) - yl[Pf(w) - ddu
0

1

< sup |Pfr(u)—¢| S |G~ (u) — p|du = By(c)oy.
u€(0,1) 0

The constant ¢ is chosen so that it minimizes the factor By (c).

THEOREM 3.2. With b defined in (1), we have

_ 00 in case (C)(ii),
sup EXemp By =< fr(1)/2 < o0 in case (C)(i),
¢ o1 fr(b)/2 < o0 in case (D).

The bounds are not attained, but there are sequences of distributions, e.g.,
three-point distributions, which attain the bounds in the limit.

Proof. Since Pf, is nondecreasing, Pf,(0) = 0, and Pf,(1) = f(1) <
00, Pf.(1) = 00, and Pf.(1) = f(b) < oo in cases (C)(i), (C)(ii), and (D),
respectively, the upper bounds are immediately determined by calculating

By =inf B = inf Pf.(u)—cl|.
1 = inf By(c) = inf uz?[fl)‘ fr(u) = ¢l

We show that the bounds are attained.
In case (C), for 0 < € < 1/2, we define a random variable X with the
distribution

P(X:M—;—;):P(X:M+;—;):s, P(X =p)=1- 2.

It is easily checked that EX = p and E|X — p| = o1. Moreover,

EXT—,u_lG_l(u)—,u 1 : c
- = [S) p fr(u)du = % [ 188 fr(u)du — éfr(u) du]
> fr(l _5; — fT(g) N frél) =B as € — 0.
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In case (D), for 0 < € < b, we choose X so that

01 g1
Pl X=p——)=¢, PX=pu)=b—¢, P[X= =1-0.
(rmnmg) me i = p(x =i )

This distribution satisfies the moment conditions, and has a jump of height
1 — b at the right end of its support. Therefore

1 - 1 £
§ o Ph(w)du —2—€§fr
Zfr();fT(g)HfTQ(b):Bl ase — 0. m

3.2. Case 1 < p < co. Applying the Holder inequality and setting ¢ =
p/(p — 1) we conclude that

1
(7) EX, = p < \[G7 (u) = pl[Pfr(u) - ] du
0
G (u) - pllpll Pfr = cllq
Pf = cllqop = By(c)op,
where the bounds B,(c) = ||Pf, — ¢||; depend on the constants ¢ € R.

THEOREM 3.3. Let b = 1 in case (C) and let b solve equation (1) in
case (D). Then

(8) sup 22 g,
G Op
where
a b
=S[fr< fr( qdu+§ fr(@))? du
+ (1 =0)[fr(b) — fr(a)]?,

and a € (0,b) is the unique solution of the equation

a b
(9) VIfr(@) = fo(w)]™ du = [f,(u) — fr(a)]"" du
0

+ (1= )[f(b) = fr(a))®*
A distribution function G that attains the bound (8) is given by
0 if t<a,

10)  G1) = fr1<fr(a)+sgn(t—u)%It—ulp/q> Fa<t<p,
V4

1 if t> 3,
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/
a:,u—ap[fga)]qp and ﬁ:M-FUp[
p

£ (b) — fr(a)} a/p
Bp )

Proof. First we determine the constant ¢ that minimizes the bound in
(7). The function P f, is continuous nondecreasing with image [0, f,-(b)]. It is
obvious that the optimal c fulfils ¢ € [0, f.(b)] so that it can be represented
as ¢ = fr(a) for a unique a € [0, b]. Define the function

Dy(z) = By (fr(z)) = [|IPfr — fr(2)]|3
b
[fr(z) = fr(u)]? du+ [ £ )9 du

+ (L =0)[f(b) = fr(0))7, 2 €(0,0).

Its derivative is given by

O e 8

Di() = af{(@){ § /(@) = folw))* " du
0

b
= {1 w) = fo @) du = (1= B)£(0) = (@) .

Both ¢ and f/(z) for = € (0,b) are positive. Moreover, the first term in
braces is equal to 0 at 0, and it strictly increases in z. The sum of the
second and third terms is negative, strictly increasing and vanishing at b.
Therefore there exists a unique a € (0,b) at which D;, changes sign from
minus to plus, and thus D, attains its minimum. Equivalently, the point is
uniquely determined by equation (9).

Now we show that (10) is the unique distribution function that satisfies
both the moment conditions and provides equalities in (7) with the optimal
constant. Equalities in the Holder inequality and in the moment conditions
hold if

G lx) —p _ [Pfr(x) = [r(a)|"P sgn{Pf(x) — [r(a)}

% |Pfr = fr(@)lg”
This is a nondecreasing function which defines the distribution function (10).
Note that in case (D), it has an atom with mass 1 — b at the right endpoint

of its support, and so the Moriguti inequality is attained as well. In case (C),
Pf,. = f., and the application of the Moriguti inequality is redundant. m

,  x€(0,1).

In the particular case p = ¢ = 2, the representation of the bounds
simplifies considerably. First of all, from

IPfr—cl3 = 1Pfr = 1[5+ (c—1)°
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we deduce that ¢ = 1 is the optimal constant. This yields

b
By = |Pfr =15 = Pfell5 = 1=\ f(u)du+ (1 -b)f2(b) — 1.
0

The bound is attained by the distribution function

0 1ft<,u,—%
2

6= £ (14 22 0-m) itn- 2 <t<ut L0 -1

02

1 iftzp,JrB—Q[fr(b)—l}.

3.3. Case p = oo. In this set-up we obtain the upper bound

(1) BX, —p < {[67 (u) - [P f(u) - ] du

1
< sup |G (u) — pul | |Pfr(u) — c| du = Buoo(c)on
u€[0,1] 0

with By (c) = ||Pf, — c||1 depending on the real c.

THEOREM 3.4. Let b =1 or b be the solution to (1), in cases (C) and
(D), respectively. Then

EX,—p _ 5 _ fr(b) —1 if b<1/2,
B 00_{1—2Fr(1/2) if b>1/2.

The bound is attained by, e.q., the two-point distribution defined by
(13) P(X =y —0s) = min{b, 1/2}

12 S
(12) up ——

:1—P<X:,u+aoo min{b, 1/2) )

1 — min{b,1/2}

Proof. First, we derive ¢ by minimizing By (c) in (11). An argument
similar to that in the proof of Theorem 3.3 shows that the optimal ¢ can be
written as ¢ = f,.(a) for some a € [0,b]. In order to determine the optimal a,
we consider

(14) = (1P (u) — fr(2)] du
2 b
= Vo (@) = fr(w)] du+ § [ (u) = fr(2)] du
0 x
+ (1= b)[fr(b) — fr(2)]
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= (2.56 - 1)fr(x) - QFT(x) + Fr(b) + (1 - b)fr(b)
= (2:1) - 1)fr(l‘) - QFT(Z‘) + 1.

The last relation follows from (1). Furthermore
D! (z)= 2z —1)fl(z), x€(0,b).

Since f)(z) is positive for every = € (0,b), the only zero of the derivative
is a = 1/2 subject to the condition that 1/2 < b. Otherwise, the minimum
is attained at the right endpoint of the domain, i.e., for a = b. Hence,
a = min{b,1/2} minimizes (14) and provides the best bound in (11). If
1/2 < b < 1 (in case (C), in particular), then

Boo = Doo(1/2) = 1 — 2F,(1/2).
In case (D) with b < 1/2, we have
Boo = Doo(b) = f1(b) = 1,

due to (1) again.

We now claim that the bound in (12) is attained by the distribution (13).
First we observe that EX = p and esssup|X — u| = 0. Moreover, the
distribution function of X has a jump of height at least 1 — b at the right
endpoint, and so it provides equality in the Moriguti inequality (see (5)). If
b>1/2, then

1
EX, —p =[G (u) - pl[Pf;(u) = f-(1/2)] du
0
1

=0 S |Pfr(u) = fr(1/2)[du = Doo(1/2)000 = BooOoo-
0
Otherwise
b
BX, = =[G (1) — WPf(u) — (b)) du
0

= 000 | [Pfr(1) = f(D)| dtt = Do (b) 0o = BocOoo.
0

This ends the proof. =

Acknowledgements. The authors are grateful to the Deutsche For-
schungsgemeinschaft (DFG) for supporting their joint work. The third au-
thor was also partially supported by the KBN (Polish State Committee for
Scientific Research) Grant No. 5 PO3A 012 20.



Generalized order statistics 295

References

B. C. Arnold (1985), p-Norm bounds on the expectation of the mazimum of possibly de-
pendent sample, J. Multivariate Anal. 17, 316-332.

N. Balakrishnan (1990), Improving the Hartley—David—-Gumbel bound for the mean of ex-
treme order statistics, Statist. Probab. Lett. 9, 291-294.

N. Balakrishnan (1993), A simple application of binomial-negative binomial relationship
in the derivation of sharp bounds for moments of order statistics based on greatest
convex minorants, ibid. 18, 301-305.

N. Balakrishnan and S. M. Bendre (1993), Improved bounds for expectations of linear
functions of order statistics, Statistics 24, 161-165.

N. Balakrishnan, E. Cramer and U. Kamps (2001), Bounds for means and variances of
progressive type II censored order statistics, Statist. Probab. Lett. 54, 301-315.

E. Cramer and U. Kamps (2002), Marginal distributions of sequential and generalized
order statistics, submitted.

E. Cramer, U. Kamps and T. Rychlik (2002), Unimodality of uniform generalized order
statistics, with applications to mean bounds, submitted.

E. J. Gumbel (1954), The mazima of the mean largest value and of the range, Ann. Math.
Statist. 25, 76-84.

H. O. Hartley and H. A. David (1954), Universal bounds for mean range and extreme
observation, Ann. Math. Statist. 25, 85—99.

U. Kamps (1995), A Concept of Generalized Order Statistics, Teubner, Stuttgart.

S. Moriguti (1953), A modification of Schwarz’s inequality, with applications to distribu-
tions, Ann. Math. Statist. 24, 107-113.

M. Z. Raqab (1997), Bounds based on greatest conver minorants for moments of record
values, Statist. Probab. Lett. 36, 35-41.

M. Z. Ragab and T. Rychlik (2002), Sharp bounds for the mean of the kth record value,
Comm. Statist. Theory Methods, to appear.

T. Rychlik (1993), Sharp bounds for expectations of L-estimates from dependent samples,
ibid. 22, 1053-1068; Correction: ibid. 23, 305-306.

T. Rychlik (1998), Bounds for expectations of L-estimates, in: Order Statistics: Theory
& Methods, N. Balakrishnan and C. R. Rao (eds.), Handbook of Statistics Vol. 16,
North-Holland, Amsterdam, 105-145.

T. Rychlik (2001), Projecting Statistical Functionals, Lecture Notes in Statist. 160, Sprin-
ger, New York.

Department of Mathematics Institute of Mathematics
University of Oldenburg Polish Academy of Sciences
26111 Oldenburg, Germany Chopina 12
E-mail: cramer@mathematik.uni-oldenburg.de 87-100 Torun, Poland

kamps@mathematik.uni-oldenburg.de E-mail: trychlik@impan.gov.pl

Received on 25.4.2002;
revised version on 18.7.2002 (1625)



